Relating Structures to largets  Genedat
Through the Analysis of Quality-
controlled Large-scale Screening Data

Michael Lindemann, Oliver Duerr, Tom Jung, Bernd Kappler, Rahel Luethy,
Swen Reimann, Christian Ribeaud, Bernd Rinn, Lee Sargeant, Tim Wormus, and Stephan Heyse of Genedata AG, Basel, Switzerland

High-throughput screening (HTS) operations systematically explore As an important first step in our analysis process we perform

the space of drug-like molecules, measuring the activity of 100,000s rigorous quality assurance (Figure 1). Second, we process and

of compounds on a variety of biological targets in standardized standardize the resulting high-quality data both from single-dose and

and well-controlled experiments, providing a wealth of data which dose-response screens (Figure 2) and align them to meaningful

has so far rarely been fully exploited. bioactivity profiles. Third, we assess the global reproducibility and
comparability of these data sets (Figure 3), before - fourth - target-

At Genedata, we are developing sophisticated methods and software unrelated compound activities are eliminated (Figure 4). Fifth, we

for the systematic, automated analysis of large-scale screening relate the structural classes of compounds to their bioactivity and

data. We summarize the workflow to identifty relationships between specificity by in silico compound profiling (Figure 5).

structural clusters and their effects on target classes in the large set

of bioactivity profiles from HTS and secondary screening campaigns.
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capabilities, combined with concise displays such as the




